
International Journal of Advanced Research in Commerce, Management &Social Science (IJARCMSS) 194 

ISSN :2581-7930,  Impact Factor : 6.986, Volume 07, No. 04(I), October-December,  2024, pp 194-200 

 
 

ARTIFICIAL INTELLIGENCE IN BEHAVIOURAL FINANCE:  
OPPORTUNITIES AND CHALLENGES 

 

Rahul Kumar* 
Prof. (Dr.) Nagendra Kumar Jha** 

 
ABSTRACT 

 
The financial sector has both tremendous potential and problems as a result of the relationship 

between artificial intelligence and behavioural finance. Important factors to take into account include 
ethical concerns as well, such as the possibility that AI will be used to influence investor behaviour or 
jeopardize data privacy. Furthermore, the quick speed at which AI is developing presents difficulties for 
regulatory organizations, which must change in order to properly monitor AI's use in finance and make 
sure that these innovations don't increase systemic risk or market volatility. In this work, artificial 
intelligence in behavioural finance will be thoroughly examined. It explores how psychological influences 
on financial decision-making may be both amplified and mitigated by AI. Examining the state of AI in 
behavioural finance at the moment, the study highlights the practical, ethical, and legal issues that need 
to be resolved while also pointing out tremendous potential for innovation and advancement. 
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Introduction 

These days, artificial intelligence permeates every part of our life as a technological 
advancement. Additionally common in the banking sector, artificial intelligence technology raises 
knowledge about investments, assists investors in choosing the best course of action, and shapes their 
investments during this process (Chartier et al., 2021). 

In recent decades, behavioural finance—a topic that combines psychology and finance—has 
drawn a lot of interest due to its understanding of how human emotions and cognitive biases affect 
financial decisions. Behavioural finance acknowledges that investors frequently behave irrationally as a 
result of diverse psychological reasons, in contrast to classical finance, which makes the assumption that 
investors would act rationally(Kumar & Goyal, 2015). Since AI technologies are able to evaluate large 
volumes of data, spot patterns, and offer insights that were previously impossible, they have opened up 
new possibilities for comprehending and forecasting such actions(Singh et al., 2020). 

The purpose of this study is to examine the Opportunities and Challenges that artificial 
intelligence (AI) brings to the subject of behavioural finance. AI presents a number of difficulties, including 
as ethical conundrums, data privacy problems, and regulatory worries, even while it has the ability to 
completely transform financial decision-making by reducing biases and improving market efficiency. With 
the use of both theoretical understanding and practical implementations, the article will offer a thorough 
study of these variables. 

Literature Review  

Historical Background of Behavioural Finance 

The late 20th century saw the emergence of behavioural finance as a prominent area of 
research that upended the fundamental presumptions of conventional finance. Classical finance theories 
presuppose that markets are efficient, prices accurately represent all available information, and investors 
are rational. Examples of these ideas include the Efficient Market Hypothesis (EMH) and Modern 
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Portfolio Theory (MPT)(Ullah, 2015). But behavioural finance contends that psychological biases 
consistently affect financial decisions and that investors are frequently irrational. It was popularized by 
the writings of psychologists Daniel Kahneman and Amos Tversky, as well as subsequent economists 
like Richard Thaler. 

Overconfidence, herd mentality, anchoring, confirmation bias, and regret aversion are just a few 
of the biases that behavioural finance has identified as influencing investor behaviour. In addition to 
individual investing errors, these biases can cause market inefficiencies, bubbles, and collapses(Zindel et 
al., 2014). Artificial Intelligence (AI) in financial decision-making has been made possible by our growing 
awareness of these biases, and it has the ability to reduce such wild behaviour. 

The Role of AI in Finance 

AI's introduction into the financial industry has fundamentally changed how financial markets 
function and how choices are made. Artificial Intelligence (AI) comprises a multitude of technologies, 
such as deep learning, big data analytics, machine learning, and natural language processing, all of 
which have become more and more popular in the financial industry. 

Among the most advanced uses of AI in finance is machine learning (ML). In credit scoring, 
fraud detection, risk management, and algorithmic trading, machine learning (ML) algorithms—which 
derive predictions or choices from past data without explicit programming—are widely employed. ML is 
extremely useful for predicting market trends and making investing decisions because of its capacity to 
analyze large volumes of data and find patterns that are difficult for humans to see(Xie, 2019). 

The analysis of financial data has been completely transformed by another area of artificial 
intelligence called natural language processing (NLP). Machines can now comprehend and interpret 
human language thanks to natural language processing (NLP), which makes it possible for them to 
evaluate unstructured text data such as financial reports, social media postings, and news stories. Due to 
this, sentiment analysis—which measures investor sentiment from textual data and offers insights into 
market movements and possible investment opportunities—has expanded into new areas. 

Fintech has also benefited greatly from Deep Learning, a kind of machine learning that uses 
multi-layered neural networks. Deep learning algorithms excel at identifying intricate patterns and 
producing forecasts using huge datasets. These models are utilized in a variety of settings, such as high-
frequency trading, where their millisecond transaction execution and real-time market data analysis 
capabilities are highly valued(Bahoo et al., 2024). 

Algorithmic trading has greatly benefited from AI's contribution. Artificial intelligence (AI)-
powered algorithms are capable of processing enormous volumes of data and executing transactions at 
rates and efficiencies that are significantly faster than those of humans. Due to this, High-Frequency 
Trading (HFT) has become more popular. In HFT, algorithms trade huge volumes of securities in a 
matter of milliseconds, taking advantage of tiny price differences to make money(Jafar et al., 2023). The 
financial markets are currently dominated by AI-driven trading methods, which increase market liquidity 
while also posing questions about the stability and fairness of the system. 

AI and Behavioural Finance: Bridging the Gap 

Even though artificial intelligence (AI) is widely used in finance, its use in behavioural finance in 
particular is still in its infancy. AI's incorporation into behavioural finance offers a special chance to 
address the cognitive biases that conventional financial theories sometimes ignore.  

AI may be used to build more complex models that take behaviour of humans into 
consideration. Behavioural algorithms, for example, may be made to detect and compensate for typical 
biases such as loss aversion or overconfidence (Ferreira et al., 2021). Better risk management 
techniques and more precise forecasts of investor behaviour may result from this. Thanks to AI's capacity 
to process and analyze a wide range of data sources, such as behavioural and psychological data, 
market dynamics may be better understood in ways that go beyond Conventional financial 
measurement(Mittal, 2017).   

One of the most well-known uses of AI in behavioural finance is robo-advisors. Based on user 
behaviour, risk tolerance, and financial objectives, these AI-powered platforms provide tailored investing 
recommendations. Robo-advisors can assist reduce biases like panic selling during market downturns or 
excessive trading by continually learning from user interactions. They also democratize financial advice 
by lowering the cost and increasing accessibility for a larger group of people(Gokoglan & Sevim, 2024). 
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But the use of AI in behavioural finance also brings up some significant issues. The extent to 
which AI can accurately comprehend and mimic human emotions and decision-making processes is a 
topic of continuous discussion. Opponents contend that because AI models are mostly data-driven, they 
may fail to capture the subtleties of human behaviour that are difficult to measure. Furthermore, further 
research is needed to address the ethical implications of AI in behavioural finance, including the 
possibility of controlling investor behaviour or escalating already-existing disparities. 

Ethical and Regulatory Considerations 

There are several different ethical issues with artificial intelligence in behavioural finance. The 
risk that AI would reinforce or even worsen prejudices is one of the main worries. AI systems may 
replicate preexisting prejudices or inequities in their predictions and choices, for instance, if they are 
trained on historical data that reflects these tendencies. This can result in the financial markets becoming 
more vulnerable to systemic hazards or in particular investor groups being treated unfairly. 

Manipulation of investor behaviour raises important ethical issues as well. Artificial Intelligence 
(AI) systems have the potential to subtly impact decision-making, especially in personalized financial 
services. Transparency and autonomy concerns arise, for instance, if a robo-advisor were to steer 
customers toward certain investing products based on behavioural data. Using AI to improve investment 
results instead of taking advantage of behavioural flaws is a major ethical problem. 

Another crucial concern is data privacy. Large amounts of data, especially private financial 
information, are necessary for AI systems to operate efficiently. Privacy laws, including the General Data 
Protection Regulation (GDPR) in Europe, must be strictly adhered to in the gathering, storing, and use of 
this data. Financial institutions have to strike a compromise between their need to uphold individual 
privacy rights and their demand for data to run AI systems(Gokoglan & Sevim, 2024). 

As AI is incorporated into financial markets more and more, regulatory issues also become more 
pressing. It's possible that current regulatory systems, especially in areas like algorithmic trading and 
automated financial advising, are ill-prepared to handle the complications brought forth by AI. Regulators 
must balance promoting innovation with making sure AI systems don't jeopardize fairness, transparency, 
or market stability. A rising number of people agree that new rules and laws are required to handle the 
particular hazards that artificial intelligence (AI) in banking presents. 

Gaps in Existing Research 

Although behavioural finance and artificial intelligence (AI) are gaining popularity, there are still 
a number of gaps in the research. Research on the technical components of AI, such as algorithm 
creation and data processing methods, is mostly concentrated in the present, with less focus on the 
ethical issues and behavioural consequences of AI.  The effectiveness of AI in reducing behavioural 
biases in actual financial decision-making is not well-examined empirical research. There isn't much data 
on how AI works in real-world scenarios, especially when it comes to different types of markets, despite 
theoretical models suggesting that it might lessen irrational behaviour. Lastly, there is a lack of research 
on the ethical and regulatory implications of artificial intelligence (AI) in behavioural finance. More 
thorough studies are required to address the ethical conundrums raised by AI, including the possibility of 
bias, manipulation, and concerns about data privacy. Research on the creation of suitable regulatory 
frameworks to govern AI in finance is also essential to guarantee that the advantages of AI are realized 
without jeopardizing investor protection or market integrity. 

Objectives of the Study 

The primary objectives of this study are: 

• To examine how AI may improve behavioural finance decision-making and data analysis. 

• To determine the opportunities for using AI to reduce cognitive biases in financial decision-
making. 

• To look into the challenges of using AI into behavioural finance 

• To provide recommendation to regulators and financial institutions. 

Methodology 

By integrating a thorough literature review with case study analysis, this study uses a qualitative 
research design. An in-depth grasp of the potential and difficulties that artificial intelligence (AI) brings to 
behavioural finance is the goal of this exploratory project. The goals of the study are met by using 
secondary data from scholarly publications, business records, and real-world instances. 
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The study's data came from a variety of secondary sources, including books, industry reports, 
and scholarly journals. An analysis of the most important works in the domains of financial technology, 
artificial intelligence, and behavioural finance was done. This includes new research on AI applications in 
finance as well as influential works on behavioural finance by academics like Daniel Kahneman and 
Richard Thaler. To learn more about existing AI techniques and how they affect behavioural finance, 
reports from regulatory authorities, consultancy companies, and financial institutions were examined. 

Opportunities of AI in Behavioural Finance 

Enhanced Data Analysis 

The capacity of artificial intelligence (AI) to handle vast amounts of data from many sources, 
such as social media, market data, and economic indicators, enables more precise forecasting of 
investor behaviour and market trends. Algorithms trained on machine learning data can spot connections 
and patterns that human analysts may not see right away. For instance, social media sentiment may be 
tracked and correlated with market movements using AI-powered sentiment research, which offers 
insightful information for investing strategies (Musleh Al-Sartawi et al., 2022). 

Personalized Financial Advice 

By providing individualized investment advice based on each client's needs and risk tolerance, 
AI-powered robo-advisors have completely transformed the financial consulting sector. Utilizing artificial 
intelligence, these systems assess an investor's goals, financial status, and behavioural habits to 
generate personalized investment portfolios. Robo-advisors are able to make real-time adjustments to 
recommendations based on continuous learning from fresh data, which helps investors avoid common 
behavioural biases like loss aversion and overconfidence (Adebiyi et al., 2022). 

Risk Management 

By offering predictive analytics that detect possible hazards before they manifest, artificial 
intelligence (AI) improves risk management. AI, for instance, may examine previous market data to 
forecast volatility in the future or identify warning indicators of financial bubbles. AI is also utilized in fraud 
detection, spotting anomalous patterns in transactions that can point to fraud. By using these skills, 
financial institutions can improve market stability by being able to react proactively to emerging hazards. 

Algorithmic Trading and Market Efficiency 

In high-frequency trading (HFT), where deals are executed at breakneck speed to capitalize on 
minute price fluctuations in the market, artificial intelligence (AI) runs the show. As a result, transaction 
costs have decreased and market liquidity has grown. By depending more on data-driven insights than 
on gut feelings, AI might also lessen the influence of human biases on trading choices. In light of 
behavioural finance's objective of enhancing decision-making processes, artificial intelligence (AI) 
enhances market efficiency(Cao, 2020). 

Enhanced Data Analysis and Pattern Recognition 

Due to AI's unmatched capacity for analyzing big, intricate datasets, behavioural finance stands 
to benefit greatly from this technology. The massive volumes of data produced by the financial markets 
are frequently too much for traditional techniques of data analysis to handle, especially when it comes to 
unstructured data like news articles, social network posts, and investor sentiment. Artificial intelligence 
(AI), in particular machine learning (ML) and deep learning algorithms, may find patterns and trends in 
this data that human analysts might not see right away(Chartier et al., 2021).  

In order to determine the sentiment of the market, AI may examine unstructured data sources 
like social media, news, and earnings call transcripts. This makes it possible to track investor sentiment 
in real time, which is essential for comprehending market dynamics and forecasting future changes. 

Artificial intelligence (AI) systems may recognize patterns of behaviour linked to certain market 
situations by learning from past trade data. For instance, AI can identify recurrent behavioural biases, 
such panic selling or herd mentality, and modify investing strategies in response during times of extreme 
volatility. 

Mitigation of Cognitive Biases 

It is commonly known that cognitive biases including loss aversion, anchoring, and 
overconfidence cause less-than-ideal decisions in the banking industry. By automating certain aspects of 
the decision-making process and delivering unbiased, data-driven insights, AI provides solutions to 
reduce these biases.  
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Algorithms are used by AI-driven robo-advisors to offer individualized financial advice and 
portfolio management services. These systems can assist in lessening the impact of emotional biases by 
automating investing choices. For instance, by following a predetermined investing plan, a robo-advisor 
can save an investor from making rash judgments during market downturns. 

Systems that actively recognize when a decision can be impacted by cognitive biases can be 
created using AI. In the event that a trader bases their expectations on out-of-date information or makes 
actions that are consistent with overconfidence bias, for example, an AI tool might notify them. 

Personalized Financial Products and Services 

Artificial Intelligence facilitates the development of highly customized financial solutions that 
meet the demands and preferences of individual investors. AI's capacity to evaluate and learn from 
enormous volumes of personal data, such as spending patterns, risk tolerance, and financial objectives, 
is what powers this customization.AI is able to customize investment plans for individual investors 
according to their own tastes and patterns of behaviour. An AI system may, for instance, design a 
personalized portfolio that automatically modifies itself in reaction to shifts in the market or an individual's 
financial situation.AI is able to offer dynamic risk evaluations that adjust to the shifting needs of the 
market and the behaviour of investors. This makes it possible to profile risks more precisely and better 
match financial products to each person's risk tolerance. 

Improved Market Efficiency and Stability 

By lowering information asymmetry and facilitating quicker, more informed decision-making, 
artificial intelligence (AI) has the potential to improve market efficiency. Financial markets may become 
more robust to shocks and more responsive using AI. Artificial intelligence (AI)-powered high-frequency 
trading algorithms are able to make deals in milliseconds, taking advantage of chances that human 
traders would pass up. This can improve market liquidity and lower bid-ask spreads, which will improve 
market efficiency as a whole. 

AI may enhance risk management by more rapidly than with conventional approaches 
recognizing possible dangers and abnormalities. This is especially helpful in controlling systemic 

Challenges of AI in Behavioural Finance 

Over-Reliance on AI 

The possibility for an excessive dependence on automated systems is one of the major hazards 
connected with artificial intelligence in behavioural finance. Financial experts and investors risk becoming 
overly reliant on AI tools and undervaluing human intuition and judgment. This may give rise to a delusion 
of security because AI models are not perfect and could overlook extraordinary occurrences or changes 
in the dynamics of the market(Ferreira et al., 2021). 

Data Quality and Privacy Issues 

In behavioural finance, artificial intelligence's efficacy is largely contingent upon the caliber and 
precision of the data it analyzes. Biased or inaccurate data might result in poor forecasts and 
unsatisfactory choices. Furthermore, there are serious privacy concerns raised by the gathering and use 
of vast volumes of private financial data. To preserve the integrity and reliability of AI systems in finance, 
compliance with data privacy laws, such as the General Data privacy Regulation (GDPR), is essential. 

Ethical Considerations 

In behavioural finance, AI raises a number of moral conundrums. AI systems, for example, have 
the potential to unintentionally reinforce or intensify preexisting biases in financial decision-making. 
Furthermore, there's a chance that cognitive flaws in AI will be used to sway investor behaviour. To 
guarantee that AI is utilized properly in the financial industry, norms and standards must be developed in 
response to these ethical issues (Gokoglan & Sevim, 2024). 

Regulatory and Compliance Challenges 

Regulators have hurdles as a result of the quick development of AI in finance. They must make 
sure that AI systems are utilized properly and don't cause financial market instability. The intricacies 
brought about by AI may be too much for the legal systems in place, especially when it comes to 
algorithmic trading and data protection. Standardized rules that support accountability, justice, and 
openness are required for AI-driven financial systems. 
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Over-Reliance on AI Systems 

The possibility of an excessive dependence on AI systems is one of the main issues with 
integrating AI into behavioural finance. There is a chance that human judgment and supervision may 
decline as financial markets and decision-makers rely more and more on AI. People who assume AI-
driven judgments are always right tend to over trust automated systems, which is known as automation 
bias. This may result in a lack of crucial supervision and an inability to detect biases or mistakes that the 
AI system could introduce(Xiaomin et al., 2019). Deep learning-based AI models in particular frequently 
function as "black boxes," with their underlying decision-making processes being opaque to or difficult for 
humans to understand. It may be difficult to understand AI-driven judgments and to spot and address 
biases or mistakes as a result of this lack of transparency. 

Regulatory and Legal Challenges 

The development and application of AI in finance has advanced more quickly than the 
establishment of suitable regulatory frameworks. The complexity brought up by AI technology may not be 
sufficiently addressed by current legislation. The question of how to supervise AI-driven financial systems 
continues to confound financial authorities. Clear rules on matters like algorithmic accountability, 
transparency, and the moral application of AI are lacking. This lack of clarity in regulations may hinder 
innovation or result in the use of AI systems without sufficient security. 

It can be difficult to determine who is liable when AI-driven financial choices result in losses or 
injury. For instance, it's not obvious who should be held responsible if a market crash is caused by an AI-
powered trading algorithm—the AI's creators, the financial organization that utilizes it, or the people who 
neglected to supervise it(Musleh Al-Sartawi et al., 2022). 

Market Risks and Systemic Impact 

When it comes to systemic risk and market stability, in particular, AI's impact on financial 
markets also brings new hazards.  The market may be more volatile as a result of the application of AI in 
high-frequency trading and other automated trading methods. Flash crashes and other extreme market 
volatility can result from AI algorithms' ability to execute transactions at speeds and scales that far 
exceed human skills. If several organizations use comparable AI models and tactics, the broad use of AI 
in the financial markets might increase systemic risk. This may cause herding behaviour during periods of 
market stress, in which AI systems accentuate rather than reverse market tendencies, potentially 
resulting in widespread financial instability.  

Ethical Use of AI in Behavioural Finance 

When incorporating AI into behavioural finance, ethical issues are crucial. There are serious 
issues regarding transparency and fairness when it comes to AI's ability to influence or take advantage of 
investor behaviour.  It is imperative to guarantee the transparency of AI systems utilized in finance, as 
well as the understandability and auditability of their decision-making procedures. To guarantee justice 
and accountability, regulators and investors must be able to comprehend the decision-making process. 
Financial institutions need to take caution when implementing AI to avoid using it to benefit from investor 
prejudices. Rather, AI need to be employed to assist in making better decisions and shield investors from 
their prejudices (Bahoo et al., 2024).  

Discussion and Future Outlook 

There are several advantages to integrating AI into behavioural finance, such as better data 
analysis, more individualized recommendations, and increased market efficiency. These prospects do, 
however, present a number of difficulties, mainly with regard to ethical issues, data quality, and 
regulatory monitoring. Although AI has the ability to reduce behavioural biases, it is important to 
understand its limits and the importance of human oversight in financial decision-making. 

The use of AI in behavioural finance is anticipated to be shaped in the future by a number of 
developing themes. These include the creation of increasingly complicated AI models that are able to 
comprehend intricate human emotions and behaviour s, the fusion of AI with blockchain technology, and 
developments in quantum computing that may improve predictive analytics even further. More precise 
and individualized financial advice will probably result from these developments, but they will also need 
further attention to moral and legal issues. 

Recommendations 

Transparency and accountability in AI systems should be given top priority by financial 
institutions if they want to fully utilize AI in behavioural finance while reducing risks. Regulators have to 



200 International Journal of Advanced Research in Commerce, Management & Social Science (IJARCMSS) -October-December, 2024 

create uniform regulations that tackle the special difficulties presented by AI, such as the requirement for 
objective data and the defence of customer privacy. The long-term impacts of AI on investor behaviour 
and market dynamics also require more investigation. 

Conclusion 

By improving decision-making processes and providing fresh perspectives on investor 
behaviour, artificial intelligence (AI) has the potential to revolutionize behavioural finance. The ethical, 
data quality, and regulatory issues that AI raises must be carefully considered in order to fully realize 
these advantages. AI can be used by the financial sector to build more robust, equitable, and efficient 
markets by proactively tackling these issues. In order to guarantee that artificial intelligence (AI) is 
applied responsibly in the field of behavioural finance, scientists, practitioners, and regulators must 
continue their research and work together. 
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